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Consumers don't like to deal with IVR
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Customer Opinions on IVR, Interactions LCC (408 questionnaires), in SpeechTek 2012



Main IVR issues

Same technology of 20 years ago — command and control
« |nability fo understand beyond the commands

e List of consumers’ issues cannot fit in the limited number of
menus

« Forces people to repeat themselves within a complex system
of options and waste their time listening to irrelevant options



Human to Human Interaction
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How is technology evolving

{ London Apartment

4
Hello Boris,
what time you
expect to arrive
tomorrow?

Hi, | expect to
arrive around
noon.

IVR

send

Virtual Assistants



The Al revolution
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Al revolution

Call centers will be
enhanced by Al

Music will be done
by Al

Cars, public
transportation will
be self-driven

Al will revolutionize
education and
learning experience

A lot of shopping

attendants will be

replaced by robots
and bots

Robots will help
elderly at home and
replace a lot of the

caregivers’ jobs

First stage of
medical diagnosis
will be done by Al

House tasks will be
done by machines




How do machines learn

10010 — e
00101
01010 ml[e
+
machine training

learning data



Machines need structured data to learn

EVERY DAY WE CREATE
9009% OF THE
WORLD'S DATA
TODAY HAS BEEN
CREATED IN THE
LAST 2 YEARS
BYTES OF DATA ALONE
This would fill 3
the height of which stacked, would measure
the height of on top of one another.
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90% of the
generated data is
unstructured



Our platform enables data scientists to collect, enrich and structure high quality
training data for Al and ML applications.
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Al data workflows + humans-in-the-loop + machine learning




How can we improve customer care?



Audio
Text
Metadata




extract meaning

to understand
comprender: *




Can a machine be reactive?




Automation Example
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data mining of voice/conversation recordings
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Y BUILD PIPELINE

Vv i1 Pipelines

> i1 Basic Pipelines

> i1 Advanced Pipelines

> B Saved Pipelines

To create a new pipeline, drop one of the pipeline templates here.




OF ¥ BUILD PIPELINE €

Vv i1 Pipelines

> i1 Basic Pipelines

WV 1: Advanced Pipeline
Scripted Speech Data C... To create a new pipeline, drop one of the pipeline templates here.

Spontaneous Speech Da...

Text Data Mining

Speech Data Mining

Entity tagging & NER Mo...

Sentiment tagging & Mo... /A

Vehicle Data Collection

Far Field Data Collection

> @ Saved Pipelines




O ¥ BUILD PIPELINE €

@ ¢ New Pipeline 1 Credits Needed: -9

< Pipelines

3¢ SPEECH DATA MINING

*2 Basic Pipelines
WV il Advanced Pipeline

I]I][]u Turn voice recordings data into rich data.
Scripted Speech Data C...

Spontaneous Speech Da... for any business directly exposed to the public.

@ Knowing your data and how people react to your content is allimportant
+8
L DefinedCrowd helps you gauge the reaction of your target audience and predict trends.

Text Data Mining

B speech Data Mining

Entilyfoggingi$«NER Mo... @ Setup Crowd @ Setup Data 3000 Config Tools &Taks
Sentiment tagging & Mo...
Vehicle Data Collection £ Dataset
Far Field Data Collection
UPLOAD MY DATA
> @ saved Pipelines
¥ ASR - Automatic Speech Recognition o m

+ax Crowd Transcription

+av Transcription Validation

7ax Entity Category Annotation

7ax Sentiment Annotation

& NER ¢ IFR



OF ¥ BUILD PIPELINE 6o

A @ sBHo = #6 Data Sets S

Favoritos Nome Tamanho Data de alteragdo v Tipo
Sa. S g CallCenterConversations.zip 939 MB
Y WV i1 Pipelines
> i1 Basic Pipelines D
WV it Advanced Pipelin m
e - .
Scripted Speech Datt 7/-\,:
dK Spontaneous Speech ﬁ
&
Text Data Mining
E Speech Data Mining 0
2
Entity tagging & NER |
Sentiment tagging & E
Vehicle Data Collect] = -
Far Field Data Collec| Eornato
> B saved Pipelines Opgdes Cancelar
¢ ASR - Automatic Speech Recognition orF m

ian Crowd Transcription

+a Transcription Validation

Entity Category Annotation

7av Sentiment Annotation

& NER ¢ IFR



OF ¥ BUILD PIPELINE 6

@ £ New Pipeline 1 ) credits Needed: -9

Y WV i1 Pipelines
o 3¢ SPEECH DATA MINING
++ Basic Pipelines

WV 1t Advanced Pipeline

UI][]u Turn big data into rich data.
Scripted Speech Data C...

Spontaneous Speech Da... for any business directly exposed to the public.

@ Knowing your data and how people react to your content is allimportant
+8
L DefinedCrowd helps you gauge the reaction of your target audience.

Text Data Mining

E speech Data Mining

Entity.foggingi&NER Mo:.. : Setup Crowd : Setup Data ... . Config Tools &Taks
Sentiment tagging & Mo...
Vehicle Data Collection £ Dataset
fCifiedipalo coleciion CallCenterConversations.zip
> @ saved Pipelines
¥ ASR - Automatic Speech Recognition o m

+ax Crowd Transcription

+av Transcription Validation

7ax Entity Category Annotation

7ax Sentiment Annotation

& NER ¢ IFR



OF ¥ BUILD PIPELINE 6

@ £ New Pipeline 1 ) credits Needed: -9

Y WV i1 Pipelines

*2 Basic Pipelines

3¢ SPEECH DATA MINING

WV 1t Advanced Pipeline

UI][]u Turn big data into rich data.
Scripted Speech Data C...

Spontaneous Speech Da... for any business directly exposed to the public.

@ Knowing your data and how people react to your content is allimportant
+8
L DefinedCrowd helps you gauge the reaction of your target audience.

Text Data Mining

E speech Data Mining

Entity tagging & NER Mo... @

®

Setup Crowd Setup Data Config Tools &Taks

Sentiment tagging & Mo...

Vehicle Data Collection -
= Dataset

Far Field Data Collection

¥ ASR - Automatic Speech Recognition

> @ saved Pipelines +ax Crowd Transcription

(@ Send vtterances with low confidence )

Send with medium and low

+ax Transcription Validation
72z Entity Category Annotation

sax Sentiment Annotation

¥ NER e o |




OF ¥ BUILD PIPELINE 6

@ £ New Pipeline 1 ) credits Needed: -9

Y WV i1 Pipelines

*2 Basic Pipelines

3¢ SPEECH DATA MINING

WV 1t Advanced Pipeline

UI][]u Turn big data into rich data.
Scripted Speech Data C...

Spontaneous Speech Da... for any business directly exposed to the public.

@ Knowing your data and how people react to your content is allimportant
+8
L DefinedCrowd helps you gauge the reaction of your target audience.

Text Data Mining

E speech Data Mining

Entity tagging & NER Mo... @

®

Setup Crowd Setup Data Config Tools &Taks

Sentiment tagging & Mo...

Vehicle Data Collection

@

Dataset
Far Field Data Collection

¥ ASR - Automatic Speech Recognition

> B saved Pipelines +av Crowd Transcription

+a Transcription Validation

#of Workers (e.g. 450) | Workers p/ Task

B
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O ¥ BUILD PIPELINE €

@ 2 New Pipeline | Credits Needed: )

Y WV i1 Pipelines

*2 Basic Pipelines

3¢ SPEECH DATA MINING

WV 1t Advanced Pipeline

l]I][]u Turn big data into rich data.
Scripted Speech Data C...

Spontaneous Speech Da... for any business directly exposed to the public.

@ Knowing your data and how people react to your content is allimportant
+8
L DefinedCrowd helps you gauge the reaction of your target audience.

Text Data Mining

B speech Data Mining

Entity tagging & NER Mo... @

® €Ceo,

Setup Data Config Tools &Taks

Setup Crowd

Sentiment tagging & Mo...

Vehicle Data Collection S Dataset

Far Field Data Collection

¥ ASR - Automatic Speech Recognition

> @ saved Pipelines +ax Crowd Transcription
’ "4
#a\ Transcription Validation &b

7av Entity Category Annotation

7 Sentiment Annotation

(@ Positive / Negative

Eckman Emotions

§ NER or m




OF ¥ BUILD PIPELINE {7}

@ 2 New Pipeline | Credits Needed: )

< Pipelines

3¢ SPEECH DATA MINING

*2 Basic Pipelines
WV 1t Advanced Pipeline

l]I][]u Turn big data into rich data.
Scripted Speech Data C...

Knowing your data and how people react to your content is all-important
Spontaneous Speech Da... @ M| = for any business directly exposed to the public.
L DefinedCrowd helps you gauge the reaction of your target audience.

Text Data Mining

B speech Data Mining

Entity tagging & NER Mo... @

®

Setup Crowd Setup Data Config Tools &Taks

Sentiment tagging & Mo...

Vehicle Data Collection = Dataset

Far Field Data Collection

(«

¥ ASR - Automatic Speech Recognition

> @ saved Pipelines 2 Crowd Transcription

+ax Transcription Validation

sax  Entity Category Annotation

7+ Sentiment Annotation

¥ NER




SUBMIT

SPEECH DATA MINING

New Project Name

Example

Description

Here we'll have a brief project description.

CANCEL




< SUBMITTED

Great!
Your Pipeline was sucessfully submitted.




Project Progress Hits Executed Quality
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Market size

$84.7Bn

Al Customer Care



our clients
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Watch our enterprise Saa$ video: https://www.youtube.com/watch?v=vAWeT-edroc&feature=youtu.be
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